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Fig.6 Regression of the SST (shaded,unit;:°C) and 850 hPa wind( vector,unit:m/s) anomalies onto the observed IOBM index

for (a—c) observation; ( d—f) hindcasts based on anomaly assimilation ( Hindcast-A) initialized from November; (g—i)

hindcasts based on full-field assimilation ( Hindcast-F) initialized from November (from Hu et al.,2019)
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Decadal prediction system IAP-DecPreS and its predictive skill
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Decadal climate prediction( near-term climate prediction) targeting the climate states over future 1-10 years
is an international research hotspot of the climate area.This paper summarizes the progresses of a decadal climate
prediction system,IAP-DecPreS,which was developed by the Institute of Atmospheric Physics,Chinese Academy
of Sciences.The key part of the IAP-DecPreS is an initialization scheme for the ocean component of a coupled
general circulation model.The initialization scheme was referred to as EnOI-IAU scheme, which is a combination
of the Ensemble Optimal interpolation( EnOI) and Incremental analysis update (IAU).It can initialize the coupled
model via assimilating raw observational oceanic temperature profiles. Hindcast experiments indicated that the
IAP-DecPreS has predictive skill for the Pacific decadal oscillation (PDO) and Atlantic multi-decadal variability
(AMV) , comparable with the high-skill CMIP5 models.IAP-DecPreS has been widely used in the climate re-
search,including the impacts of volcanic eruptions on the decadal predictive skill,the impacts of two distinct ini-
tialization approaches, full-field assimilation and anomaly assimilation,on the predictions of ENSO,Indian Ocean
dipole and Indian Ocean basin mode.At last,the authors discuss the future development of the IAP-DecPreS under

the guidance of global perspective.
decadal climate prediction, initialization of coupled model, coupled general circulation model
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