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Fig.1 Schematic diagram of an ensemble forecast starting
from initial analyses/perturbations with full analysis
uncertainty at ¢ = 0, growing ( increasing ensemble
spread or uncertainty) with time evolution to ¢, and
t,.Solid green is for unperturbed ( ensemble control)
forecast; solid blue represents ensemble mean; and
dash blacks are perturbed ensemble forecasts. The
shaded areas represent uncertainties of initial and

forecasts at ¢, and ¢,
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Fig.2 Northern Hemisphere( NH) 500 hPa

geopotential height CRPSS for NCEP operational

Global Ensemble Forecast System ( GEFS) of past 19+years (1999—2018).The time

series displays the monthly average scores ( thin lines) for CRPSS = 0.25 ( black),
0.35 (red),0.45 (green) ,0.55 (blue),0.65 (purple),0.75 (orange) respectively,

and 13 months running mean scores ( thick lines).The horizontal axis is for years from

1999 to 2018;and vertical axis is for forecast days of presented CRPSSs
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Fig.3 Northern Hemisphere (NH) 500 hPa geopotential
height RMS error ( solid ) and ensemble spread
(dash) of 35 days forecasts from one year experi-
ments based on two ensemble systems ( SubX
version ( black ) and FV3 version ( red ) ). The

RMS difference  between analysis and

climatological mean shows in green dash line (90
m).The climatological variance around mean has

been drawn on the right
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Fig.4 Northern Hemisphere (NH) 500 hPa geopotential
height Pattern Anomaly Correlation (PAC) of the
ensemble mean for 35 days forecast from one year
experiments ( April 2017—April 2018 ). There are

two experiments which are SubX version(red) and

FV3 version ( black ). The real forecast skills

(thick) and potential prediction skills ( thin) are
presented,,and marked as 12 days (real) and 14

days ( potential )
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Northern Hemisphere (NH) 500 hPa geopotential
height Pattern Anomaly Correlation (PAC) of re-
grouped ensemble mean ( zonal wave 1—3
(black) ,4—9 (red) and 10—20 ( blue) ) for 35
days forecast from one year experiments ( April
2017—April 2018 ). There are two experiments
which are SubX version (red) and FV3 version
('black).The real forecast skills( thick) and poten-
tial prediction skills ( thin ) are presented for

each group
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Fig.6 The same 1-year experiment as figure 3—35, but for
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FV3 GEFS version only.A real MJO skill ( black,
i.e.analysis as reference) and potential MJO skill
(red, i. e. control member as reference ) of

ensemble mean are presented
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An assessment of predictability through state-of-the-art global ensemble
forecast system

ZHU Yuejian
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Environmental Prediction( NCEP) ,College Park,Maryland,20740,USA

In order to provide valuable and reliable numerical guidance include probabilistic forecast, state-of-the-art
global ensemble forecast system has been implemented into National Centers for Environmental Prediction daily
operation to service the general public. The forecast skills for various elements through statistical verification are
offering the levels of confidence to general users when they apply these guidance.However,the skills are all dif-
ferents rely on the forecast elements, spatial and temporal resolutions, and special events or the forecast extremes.
As an example of large scale pattern prediction, the global ensemble forecast system ( global ensemble mean)
could provide about 10 days skillful forecast on average based on 60% Northern Hemisphere 500 hPa geopotential
height anomaly correlation.The predictability or limit of prediction we will discuss in this article could be a good
reference for model developers, stakeholders and general users in terms of their requirements from various forecast
elements to the different spatial-temporal scales.Especially, the investigation of sources predictability are very im-
portant to advance our numerical system in terms of science and technowledge. When we understand the source of
predictability , the scientists will know where to work on,and how to improve the system.To combine the tradi-
tional predictability study and recently developed global ensemble forecast system with full representation of un-
certainty , the predictability and limit of prediction through state-of-art global ensemble forecast system could be
another valuable reference. As a summary of predictability investigation, there could be about 15-,12-, 10-days
forecast skills for planetary wave, large scale and synoptic scale patterns respectively. For tropical prediction, a
skill of Madden-Julian Oscillation could be extended to 32.5 days if we could reduce model bias and improve

others.
ensemble forecast ;forecast uncertainty ; predictability
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